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Abstract. This study examines the factors influencing the adoption of Artificial Intelligence
(Al) by enterprises across European countries, with a particular focus on the role of digital
infrastructure and human capital. Using a linear regression model, the analysis explores the
relationship between Al adoption and several key indicators, including the Digital Economy and
Society Index (DESI), Human Development Index (HDI), Global Innovation Index (Gll),
Technology Readiness Index (TRI), and GDP per capita. The results reveal that DESI and HDI are
the most significant drivers of Al adoption, highlighting the importance of digital ecosystems and
educated workforces in facilitating Al integration.

The model explains 64.9% of the variance in Al adoption, with DESI contributing to a
0.26% increase in Al adoption for every unit of improvement. HDI, representing the quality of
human capital, plays an even larger role, suggesting that countries with higher levels of education
and social development are better equipped to integrate Al into their industries. While innovation
and technological readiness contribute to Al adoption, their effects are less pronounced compared
to infrastructure and workforce readiness. GDP per capita, though positive, has only a marginal
impact on Al adoption, indicating that economic strength alone does not guarantee widespread use
of Al technologies.

The study also provides a country-specific analysis, identifying Germany, Finland, and
Ireland as leaders in Al adoption due to their strong digital and human resource foundations.
Conversely, Bulgaria and Greece lag behind, primarily due to weaker digital infrastructure and
lower levels of workforce readiness. Policy recommendations for these countries include targeted
investments in digital infrastructure, education, and workforce training programs, as well as
fostering public-private partnerships and supportive regulatory environments for Al development.

The findings emphasize the critical role of digital infrastructure and human capital in driving
Al adoption. Countries aiming to enhance their Al capabilities should focus on these key areas to
remain competitive in the rapidly evolving global economy.

Keywords: Al, Artificial Intelligence adoption, digital infrastructure, human capital, Al
Drivers in Europe, Digital Economy and Society Index, Human Development Index, Innovation
and Technology Readiness.
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INTRODUCTION

The rapid development and integration of Artificial Intelligence (Al) across industries have
transformed the global economic and technological landscape. Al is not only reshaping traditional
industries but also acting as a catalyst for new business models and innovations. European
enterprises, in particular, are embracing Al to enhance productivity, optimize operations, and create
competitive advantages in an increasingly digitalized economy (Antoniuk & Kolyada, 2024).
However, the adoption of Al across different countries is uneven, and the degree of its utilization
varies significantly depending on several socioeconomic and technological factors.

In last years, Europe saw a marked increase in Al implementation across various sectors,
driven by advancements in digital infrastructure, increased investments in Al research and
development (R&D), and growing awareness of Al's potential among enterprises (European Court
of Auditors, 2024). Nevertheless, several challenges persist, including gaps in digital literacy,
insufficient technological infrastructure in certain regions, and regulatory and ethical concerns
surrounding Al deployment.

LITERATURE REVIEW

The level of Al adoption by enterprises is influenced by a wide range of factors, both
quantitative and qualitative. These factors include the availability of digital infrastructure, human
capital readiness, innovation capacity, economic development, regulatory frameworks, and
governmental support (Kabalisa & Altmann 2021; Brey & van der Marel, 2024; Hooks D. et al.,
2022). Understanding the dynamics between these factors is crucial for explaining why Al adoption
varies significantly across different regions and sectors. Therefore, conducting both quantitative and
qualitative analyses of these indicators is essential for identifying the key drivers behind Al
implementation and for developing strategies to enhance Al readiness in lagging countries.

One of the most critical factors is the state of a country’s digital infrastructure. Countries with
robust digital ecosystems, characterized by widespread high-speed internet access, well-developed
data centers, and access to advanced cloud computing resources, are generally more capable of
integrating Al technologies into their industries. The Digital Economy and Society Index (DESI),
which measures digital infrastructure and performance, provides a comprehensive view of a
country’s preparedness for Al adoption (European Comission, 2023). Nations with higher DESI
scores, such as Germany and Denmark, have created technological environments that support the
widespread use of Al.

Human capital also plays a pivotal role in Al adoption, particularly the availability of skilled
workers in fields such as science, technology, engineering, and mathematics (STEM). Countries
with a strong focus on education and workforce development are better positioned to leverage Al
technologies. The Human Development Index (HDI) provides insights into a country’s educational
and societal capacity to integrate Al (Hooks D. et al.,, 2022). Higher HDI scores, as seen in
countries like Finland and the Netherlands, are associated with more educated workforces, enabling
better integration of Al into enterprises.

In addition to human capital, a nation’s capacity for innovation is a critical predictor of Al
adoption. The Global Innovation Index (GIl) measures how well countries foster innovation, with
high-scoring nations leading in Al research and development (TheGlobalEconomy.com, 2023).
Countries like Switzerland and Sweden benefit from strong public and private sector partnerships,
fostering a favorable environment for technological advancements. These innovation-oriented
nations invest heavily in Al-related research, which facilitates faster adoption of these technologies.

Economic resources, particularly Gross Domestic Product (GDP) per capita, are also crucial
in determining a country’s ability to adopt Al. Wealthier nations, such as the United Kingdom and
France, with higher GDP per capita can allocate more resources to Al infrastructure and
development (CBS, 2024). This enables them to accelerate the integration of Al technologies across


https://doi.org/10.26661/2522-1566/2024-3/29-12

MANAGEMENT AND ENTREPRENEURSHIP: TRENDS OF DEVELOPMENT
ISSUE 3 (29), 2024

industries. Research from McKinsey Global Institute (2018) emphasizes that economic power is a
key determinant in Al adoption.

Furthermore, regulatory frameworks and governmental support are important factors that
influence the pace and success of Al implementation. Countries with well-defined regulatory
systems that address the ethical, privacy, and safety aspects of Al use are more likely to see higher
adoption rates. The existence of national Al strategies, as seen in France (French National Artificial
Intelligence Research Program, 2024) and the United Kingdom (UK Al Strategy Beyond, 2024)
provides clarity and direction for both public and private sector investments in Al. Governments
that actively promote Al development through incentives, public-private partnerships, and funding
for Al research help create a conducive environment for adoption.

Cultural attitudes towards technology and risk aversion also play a role. In some countries,
industries may be more open to experimentation and the adoption of cutting-edge technologies,
while others may demonstrate reluctance due to concerns about job displacement, ethical
considerations, or cybersecurity risks. Nations that foster a culture of innovation and embrace
change, such as Estonia and Finland, tend to adopt Al technologies faster than more conservative or
risk-averse countries.

Despite these positive factors, significant disparities in Al adoption exist across Europe.
Western and Northern European countries are leading the way in Al integration, while Southern and
Eastern European nations face challenges. For instance, Germany, Sweden, and Finland excel due
to their strong digital infrastructure, innovation ecosystems, and educated workforces. Meanwhile,
countries like Bulgaria and Romania face substantial hurdles, including weaker infrastructure, lower
levels of governmental support, and insufficient investment in Al (Statistics Explained, 2024).

Research indicates that a combination of well-defined regulatory frameworks, investment in
digital infrastructure, human capital development, and innovation-driven policies is essential for
overcoming these disparities. Countries that lack these factors encounter significant barriers such as
regulatory uncertainty, limited access to technology, and resistance from traditional industries. A
comprehensive analysis of these factors is necessary to understand the reasons behind the uneven
adoption of Al across Europe.

PAPER OBJECTIVE

This study aims to provide a mathematical model that highlights the interplay of these
indicators, offering insights into how countries can improve their Al readiness and competitiveness.

METHODOLOGY

This study employs a quantitative modeling approach to explore the relationship between
various socioeconomic and technological indicators and the level of Artificial Intelligence (Al)
adoption by enterprises across different European countries. The goal of this analysis is to identify
the key factors driving Al implementation and to assess their relative impact.

The data used in this study were gathered from publicly available sources, including
international reports and databases such as the OECD, United Nations Development Programme
(UNDP), and World Bank. The following key indicators were selected as independent variables in
the model (Table 1):

o Digital Economy and Society Index (DESI). Measures a country’s digital infrastructure,
including internet access, data centers, and cloud computing availability. This index is a key
indicator of technological readiness for Al adoption.

e Human Development Index (HDI). Reflects a country’s level of education, healthcare,
and overall quality of life. Higher HDI scores indicate better preparedness of the workforce to
integrate Al technologies.
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e Global Innovation Index (GII). Assesses a country’s capacity for innovation and
technological advancements. Countries with higher Gl scores are expected to have more favorable
conditions for Al research and development.

o Network Readiness Index (Technology). Measures the technological infrastructure and
access to communication tools necessary for Al adoption.

e Gross Domestic Product (GDP) per capita. Represents the economic resources available
to a country, reflecting its ability to invest in Al infrastructure and development.

The dependent variable in the model is the percentage of enterprises that have adopted Al
technologies, which was collected from relevant sources detailing Al implementation across
European countries.

A linear regression model was employed to estimate the impact of these independent variables
on Al adoption. The general form of the model is:

Y =0+ B X+ [ X, + Xy + B Xy + B X + €, (1)

where: Y — represents the percentage of Al adoption by enterprises (dependent variable),

X1 to Xs represent the independent variables (DESI, HDI, Gll, Technology, GDP per
capita),

Po is the intercept, and 1 to fs are the coefficients that estimate the influence of each
variable on Al adoption,

e is the error term.

The regression analysis was conducted using the Ordinary Least Squares (OLS) method,
which minimizes the sum of the squared residuals between the observed and predicted values of the
dependent variable. This approach allows for the identification of statistically significant
relationships between the independent variables and the level of Al adoption.

Table 1.
Inputs for mathematical modeling, 2023
Country Digital Human Global Network Gross Percentage of
Economy Develop- | Innovation = Readiness Domestic enterprises
and Society ment Index Index Product that have
Index Index (Gh) (Techno- (GDP) per adopted Al
(DESI) (HDI) logy) capita, technologies,
adjusted for %
price level
differences,
thousand €
Austria 56,9 0,926 53,25 60,19 46,2 10,8
Belgium 54,7 0,942 49,94 57,11 444 13,8
Bulgaria 42,7 0,799 - 42,69 24,1 3,6
Greece 44,6 0,893 37,53 53,39 25,3 4
Denmark 74,8 0,952 60,7 - 48 15,2
Estonia 59,1 0,899 53,38 51,33 30,7 52
Ireland 63,2 0,95 50,42 56,58 79,6 8
Spain 51,7 0,911 45,93 56,34 33,3 9,2
Italy 47,8 0,906 46,61 53,08 39,5 5

Cyprus 49,4 0,907 46,29 46,26 35,8 4,7
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Latvia 53,7 0,879 39,73 44,53 26,6 4,5
Lithuania 55,7 0,879 41,95 49,55 32,6 4,9
Luxembourg 60,1 0,927 50,6 62,47 90,2 14,4
Malta 61,8 0,915 49,08 49,71 36,7 13,2
Netherlands 68,9 0,946 64,5 71,59 49,1 13,4
Germany 61 0,95 58,76 69,45 43,3 11,6
Poland 45,5 0,881 37,75 48,95 30 3,7
Portugal 56,4 0,874 44,88 56 31,1 7,9
Romania 40,3 0,827 34,66 42,76 29,4 15
Slovakia 44,8 0,855 36,21 48,42 27,3 7
Slovenia 54,2 0,926 42,24 51,25 34,4 11,4
Hungary 45,3 0,851 41,34 51,36 28,7 3,7
Finland 69,9 0,942 64,8 65,5 40,7 15,1
France 54,5 0,91 56,02 62,96 38 5,9
Croatia 50 0,878 37,07 38,8 25,8 7,9
Czech 52,4 0,895 44,83 53,39 34,2 5,9
Republic

Sweden 68,6 0,952 59,5 67,21 43,9 10,4

Source: compiled by (European Comission, 2023, The Facts Institute. 2023,
TheGlobalEconomy.com. 2023, CBS. 2024, Statistics Explained, 2024).

To evaluate the model, we examined the R-squared value, which indicates the proportion of
the variance in the dependent variable explained by the independent variables. Additionally, the F-
statistic was used to test the overall significance of the model, while the p-values for each
independent variable determined the statistical significance of individual predictors. A confidence
level of 95% was used to assess the significance of the coefficients.

While the model provides valuable insights into the factors influencing Al adoption, certain
limitations should be acknowledged. Multicollinearity, or the correlation between independent
variables, may affect the stability of the estimated coefficients. Furthermore, unobserved factors
such as cultural attitudes towards technology, regulatory frameworks, and risk aversion, which may
also play a significant role in Al adoption, were not directly included in the model but could be
explored in future research.

RESULTS AND DISCUSSION

The regression analysis produced a model describing the relationship between Al adoption by
enterprises and several key socioeconomic and technological factors. The mathematical model is as
follows:

Y = —50.39 + 0.2646X, + 50.7303X, — 0.1565X, + 0.0937X, + 0.0105X, (1)

where:

Y — represents the percentage of enterprises adopting Al, %,
X1 — Digital Economy and Society Index (DESI),
X2 — Human Development Index (HDI),
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X3 — Global Innovation Index (Gll),

X4 — Technology Readiness Index,

X1 — GDP per capita, adjusted for price level differences, thousand €.

The statistical significance of the model, confirmed by the F-statistic of 7.022 and a p-value of
0.000718, demonstrates that the independent variables, when taken together, play a crucial role in
explaining Al adoption patterns. Among the key drivers, DESI and HDI emerge as the most
influential, both showing positive and significant effects on Al adoption. In contrast, GllI,
Technology Readiness, and GDP per capita showed weaker and statistically insignificant impacts in
this model, suggesting that while they play a role, they are secondary to infrastructure and human
capital.

The positive coefficient (0.2646) suggests that as the DESI score increases (X1), indicating
improved digital infrastructure, the percentage of enterprises adopting Al also rises. Countries with
well-developed broadband networks, cloud computing resources, and overall digital readiness are
better equipped to integrate Al into their industries. For example, Germany and Denmark, with high
DESI scores (56.9 and 58.7, respectively), are among the leaders in Al adoption, while countries
such as Bulgaria and Romania (DESI = 42-43) are struggling due to weaker digital infrastructure.

The large positive coefficient (50.7303) near X» (Human Development Index (HDI))
highlights the crucial role that human capital plays in Al adoption. Countries with higher HDI
scores, reflecting better education systems, healthcare, and quality of life, are better positioned to
integrate Al technologies. For instance, Finland and Netherlands, with high HDI scores (0.94 and
0.95), demonstrate strong Al adoption, leveraging their highly educated workforces. Conversely,
countries like Bulgaria and Greece (HDI around 0.79-0.89) face challenges due to lower levels of
workforce readiness.

The coefficient for GIl was slightly negative (-0.1565), which was unexpected. This suggests
that innovation alone is not a strong predictor of Al adoption in the presence of other factors such as
digital infrastructure and human capital. While countries like Switzerland and Sweden invest
heavily in Al research, the relationship between innovation and adoption appears to be more
complex, possibly due to variations in how quickly innovations are commercialized and adopted in
the market.

The positive coefficient (0.0937) suggests a slight positive effect of technological readiness
on Al adoption, though it is not statistically significant in this dataset. Countries with more
advanced communication technologies and infrastructure, such as Ireland (Technology Index =
56.58) and Austria (60.19), are well-positioned for Al adoption, but the readiness alone does not
guarantee widespread implementation without strong human capital and innovation ecosystems.

The small coefficient (0.0105) for GDP per capita shows that economic wealth has a limited
effect on Al adoption compared to other factors. While wealthier countries such as Ireland (€79600)
and Austria (€46200) can allocate more resources to Al, economic strength alone is insufficient
without supporting infrastructure and workforce capabilities. Lower-income countries, such as
Greece and Bulgaria, could still make significant strides in Al adoption by focusing on improving
their digital infrastructure and education systems.

The scatter plots of Al adoption against DESI, HDI, GlI, Technology Readiness, and GDP per
capita reveal (Fig. 1) that DESI and HDI exhibit clear positive correlations with Al adoption,
confirming their status as key drivers. The relationship between Al adoption and innovation,
however, is less well-defined, reflecting the complexity of the innovation ecosystem in driving real-
world Al use.

Country-specific analysis highlights Finland’s, Denmark’s, Belgium’s, Germany’s
leadership in Al adoption, supported by high DESI and HDI scores. Finland, too, benefits from its
emphasis on human capital, with its educated workforce playing a pivotal role in the integration of
Al technologies.

For countries that are lagging in Al adoption, such as Bulgaria, Greece, and Romania, it is
essential to develop strategies focused on improving infrastructure and enhancing human capital.
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First and foremost, it is crucial to strengthen digital infrastructure. Investments in high-speed
internet, cloud technologies, and modern networks will create the foundation for successful Al
adoption. For countries like Bulgaria (DESI = 42.7), improving digital infrastructure should be a top
priority.
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Figure 1. Scatter plots of Al adoption against DESI, HDI, GlI, Technology Readiness, and GDP
per capita reveal

Source: compiled based on statistical data using ChatGPT [European Comission, 2023, The
Facts Institute. 2023, TheGlobalEconomy.com. 2023, CBS. 2024, Statistics Explained, 2024].

The second step is to invest in education and human capital development. Countries with
lower HDI scores, such as Bulgaria (HDI = 0.79), need to expand educational programs,
particularly in STEM fields, and introduce reskilling and upskilling programs to prepare the
workforce for Al-related tasks. Building a competent and educated workforce is key to ensuring
successful technology integration.

Additionally, it is important to promote innovation and foster public-private partnerships.
While innovation alone is not decisive, creating an environment that encourages collaboration
between government, businesses, and educational institutions will help accelerate Al adoption. This
is particularly relevant for countries like Greece, where there is potential for innovation but a lack
of conditions for widespread commercialization of new technologies.
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Furthermore, countries should focus on establishing favorable regulatory frameworks for Al
development. Addressing issues such as data privacy, ethics, and security will help build trust in Al
technologies and encourage enterprises to adopt them. Countries like Romania and Greece, for
example, would benefit from revising their regulatory approaches to Al development.

CONCLUSION

1. This study investigated the factors influencing the adoption of Artificial Intelligence (Al)
by enterprises across European countries, focusing on the roles of digital infrastructure and human
capital. The research provided a clear and comprehensive analysis of key socioeconomic and
technological indicators such as the Digital Economy and Society Index (DESI), Human
Development Index (HDI), Global Innovation Index (GllI), Technology Readiness, and GDP per
capita, and their relationship with Al adoption.

2. The regression model developed in the study explains 64.9% of the variance in Al
adoption, indicating a strong correlation between the chosen factors and the extent of Al
implementation in enterprises. The results of the analysis highlight two primary drivers of Al
adoption: digital infrastructure (DESI) and human capital (HDI). Countries with advanced digital
ecosystems, such as Germany and Denmark, have higher rates of Al adoption, illustrating the
critical importance of having robust digital foundations for enabling the effective use of Al
technologies. Similarly, countries like Finland and the Netherlands, with high HDI scores, show
that an educated and skilled workforce is fundamental to the successful integration of Al into
business processes.

3. Contrary to expectations, the Global Innovation Index (GIl) had a weaker, and even
slightly negative, effect on Al adoption, suggesting that while innovation capacity is essential for
developing Al technologies, it alone does not drive adoption. This finding points to the complexity
of Al implementation, where even the most innovative countries may face barriers to translating
innovation into widespread use of Al. Additionally, Technology Readiness and GDP per capita
demonstrated minimal influence, underscoring that neither economic wealth nor technological
infrastructure can independently accelerate Al adoption without strong human capital and adequate
digital infrastructure.

4. Country-specific analysis revealed that while Western and Northern European countries
are leading in Al adoption, Southern and Eastern European countries, such as Bulgaria, Greece, and
Romania, are lagging behind. These countries face significant challenges, particularly in terms of
weaker digital infrastructure and lower levels of human capital readiness.

5. The study underscores several recommendations for countries lagging in Al adoption: (1)
enhancing digital infrastructure (countries with lower DESI scores should prioritize investments in
broadband networks, cloud computing, and modern digital infrastructure to create the foundation
necessary for Al integration); (2) investing in human capital (the development of a skilled
workforce through enhanced educational programs, particularly in STEM fields, and reskilling
initiatives is crucial for successful Al implementation); (3) promoting innovation and collaboration
(fostering public-private partnerships, as well as encouraging collaboration between the
government, businesses, and educational institutions, can help accelerate Al adoption and create a
more favorable environment for technology commercialization); (4) establishing favorable
regulatory frameworks (governments should implement clear and supportive regulatory policies
addressing data privacy, ethics, and security concerns related to Al; this will help build trust in Al
technologies and encourage their adoption by enterprises).

Countries aiming to enhance their Al capabilities must focus on building strong digital
infrastructure and investing in human capital. Digital readiness and workforce development are
critical for ensuring that enterprises can effectively adopt and integrate Al technologies, ultimately
enabling them to remain competitive in the rapidly evolving global economy.
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BITPOBA/I)KEHHSI IITYYHOI'O IHTEJEKTY HA €BPOIIEMCHKHUX
INIAIPUEMCTBAX: MATEMATHUYHA MOJEJIb HA OCHOBI COLUIAJIBHO-
EKOHOMIYHUX TA TEXHOJIOI'TYHUX ITOKA3ZHUKIB

AHTOHIOK JI.A. Koasiga O0.0.
3anopizbKuii HaAYioHALHUL YHI8epcumem Hayionanvnuu ynieepcumem «3anopizoka
M. 3anopixcocs, Ykpaina NONIMEXHIKA»

M. 3anopixcocs, Yrpaina

VY nocnigKeHHI po3risgaroThCsl (PaKTOpH, LI0 BIUIMBAIOTH HA BIPOBAPKEHHS IITYYHOIO
inTenexty (LII) migmpueMcTBaMM B €BPONEHCHKUX KpaiHax, 3 OCOOJIMBHM AaKIIEHTOM Ha poIi
nudpoBoi 1HOPACTPYKTYpH Ta JOACHKOrO KamiTany. 3 BUKOPHUCTaHHSAM JIHIHHOI perpeciiiHoi
MOJIeJTi, BCTAHOBJIEHO B3a€MO3B'SI30K MK piBHeM BHpoBakeHHAM LI Ta KinbkoMa KIIOUOBHMHU
MOKa3HUKaMH, 30kpeMa IHaekcom mnudposoi exoHomiku Ta cycniiberBa (DESI), Inpexcom
moacekoro po3sutky (HDI), ['modansaum inHOBamiitanM iHnekcom (GII), [aaexcom TexHOIOTIIHOT
rotoBHocTi (TRI) Ta BBII nHa nynry nacenenHs. Pesynbratn nokasyrots, mo DESI ta HDI e
HAMOIIBII 3HAYYIIMMH pYyMIidHUMH cujgamu BrpoBakeHHs LI, migkpecioroun BaXKIMBICTh
IU(PPOBHUX EKOCUCTEM Ta OCBIYEHOI poO0Y0i cuiu 1t cripustHAS iHTerpartii L.

Mogens mnosicaioe 64,9% mucnepcii 'y BmnpoBamkenni LI, mpuyomy DESI cnpusie
30inpmienHto BrpoBamkeHHs LI na 0,26% Ha koxHY oauHuUIO BaockoHaneHHs. IJIP, o
BiJoOpaxkae AKICTH JIIOJCHKOTO KamiTaty, BiJirpae mie OUIbIIy poJib, IO CBITYHUTH MPO TE, IO
KpaiHu 3 BUIIUM PIBHEM OCBITH Ta COLIAILHOTO PO3BUTKY Kpalle miArotosieHi Ao inrerpauii Iy
cBOi ramysi. Xoda iHHOBaIlii Ta TEXHOJIOTIYHA TOTOBHICTH CHPUSIOTH BHpoBakeHHto LI, ixHiit
BILJIUB € MEHIII BUPAKEHUM TOPIBHAHO 3 1H(PACTPYKTYPOIO Ta FOTOBHICTIO pobouoi cunu. BBII Ha
IylIy HAaCeJEHHs, X04a i Ma€ MO3UTUBHUI BILUIMB, MA€ JIMIIE HE3HAYHUH eQEeKT Ha BIPOBAKCHHS
I, mo cBiAuuTh MpO Te, L0 EKOHOMIYHA cuja cama Mo cobi He TapaHTye HIMPOKOIo
BUKOpHUCTaHHs TexHoiorii HII.

VY nocnijkeHHI TakoXX MPEACTaBIEHUI aHali3 Mo KpaiHax, skui Bu3Hauae Himeuuuny,
Oinnsuaio Ta [pnangiro sk migepis y BrpoamkeHHi I 3apnsxu iXHbOMY MOTYKHOMY ITU(GPOBOMY
Ta KaJpoBoMy noteHuiany. I HaBnaku, bonrapis ta I'pewis BiacTaroTh, Hacammnepes dyepe3 ciaalury
uudpoBy 1HGPACTPYKTYpY Ta HUKYMM PIBEHb TOTOBHOCTI poOouoi cuiH. Pexomenparii mis nux
KpaiH BKJIIOYAIOTh L1JIbOBI IHBECTULIT B IUPPOBY iHPPACTPYKTYPY, OCBITY Ta IPOrpamMH IMiJrOTOBKU
KaJpiB, a TAaKOX CIPHUSHHS IEepP>KaBHO-TIPUBATHOMY ITAPTHEPCTBY Ta CTBOPEHHIO CIPHSTINBOTO
PEryJIsTOPHOro cepeoBuIa Juist po3BuTky LI

PesynbpTaT 1OCHIKEHHS MIJKPECIIOITh BUPIIAIbHY PoJib HUGPOBOi 1HGPACTPYKTYpPH Ta
JroickKoro Kamitany y BrnpoBapkeHHi LI Kpainu, siki mparuyTe po3LUIMPUTH CBOI MOXKIIMBOCTI Y
chepi I, mnoBuHHI 30cepenuTHCS Ha [HUX KIIOYOBUX cdepax, MO0 3aluIaTucs
KOHKYPEHTOCIIPOMO>KHUMHU B INI00aTbHIM €KOHOMII, 110 MBUKO PO3BUBAETHCS.

Kurouoi caoBa: IIII, BnpoBa/KeHHS IITYYHOTO iHTENEKTy, nmudpoBa iHPPACTPYKTYpa,
moachKui Kamitan, Apaisepu LI B €Bpomni, [naexkc nndpoBoi ekoHOMIKK Ta CycniibCTBa, [HAEKC
JOJICBKOTO PO3BUTKY, IHHOBAIIIfHA Ta TEXHOJOTIYHA TOTOBHICTb.
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